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Abstract

The consistent growth in the use of Generative artificial intelligence (AI) globally has led to an increased focus on attempts to
measure the impact that it has on university students, including their academic motivation and ability. An emerging interest in
the literature addresses the impact that the use of Generative AI may have on students’ reported self-efficacy—and specifically
whether use of Generative Al is associated with an increase or decrease in reported self-efficacy. This systematically informed
conceptual review draws on the theoretical construct of self-efficacy in analyzing papers published in 2025 and 2026. The
results suggest an initial framework that identifies the factors that determine whether university students’ use of Generative
Al is likely to enhance or diminish their self-efficacy. The analysis presented here identifies the following factors as important
determinants of the impact that Generative AI usage is likely to have on students’ self-efficacy: pedagogic support (the extent to
which the Generative Al is introduced with learning and teaching support); task usefulness (whether the Generative AI has the
quality and relevance to address the specific focal task; and unique affordances (whether the Generative AI has qualities that
make it uniquely valuable in addressing the task). Consistent with the Triple Helix framework, implications for governments,
industry, and educators regarding the importance of self-efficacy in education policy, in AI resource development, and also
in the pedagogic framework of its deployment with students are identified. Furthermore, the relevance of these findings for

Sustainable Development Goal 4 (SDG 4) is also identified.
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Introduction
Generative Al usage across the world
The precise global percentage of students who use Generative
artificial intelligence (AI) is difficult to definitively identify, due to
regional variation and incomplete usage data, yet multiple global
and national studies suggest a continuing growth in student usage.
Chegg Inc’s Global Student Survey 2025, drawing on data from
15 countries (representing Africa, Asia, Europe, North and South
America, and Oceania), provides evidence that the increase in
student usage of Generative Al can be considered a global trend.
The Digital Education Council (DEC) (2024, 2026a, 2026b),
drawing on data from 16 countries, provides a further sense of the
extent of current global student usage of Generative Al, reporting
86% of students using Generative Al in 2024, with their 2026 Latin
America follow-up reporting the “near universal usage figure” of
92%. Similarly, the Higher Education Policy Institute (HEPI 2025,
2026) report a UK student usage growing from 53% in 2024, to
88% in 2025, and 95% in 2026. In addition to an increase in the
number of university students who use Generative Al, there is also
an increase in the amount of time that is spent with Generative
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Al Copylinks (2025, 2026) report that not only do 90% of their
US respondents use Al, 73% report an increase in the amount that
they use Generative Al since 2024.

The increasing prevalence of usage and extent of usage of
Generative Al by university students to support their studies
raise important questions concerning the impact that usage has
on all aspects of their learning. Careful analysis of this is all the
more important given that, as Xia et al. (2025) argue, Al can both
empower students’ learning and yet also undermine their learning
agency.

Generative Al usage and self-efficacy

While engagement, motivation, and performance are vital aspects
of students’ experiences with using Generative Al, key to the
papers included in this review is the importance of self-efficacy.
This conceptual review paper, like Oubibi, Hryshayeva, and
Huang (2025), draws on Bandura (1997) to define self-efficacy as
“confidence in one’s capacity to arrange and perform the required
actions to accomplish specific objectives” (2025, p. 3942). This
theoretical framing is sufficiently broad to encompass the ways
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in which self-efficacy has been operationalised in the papers
reviewed and frames it in a way that is ideally suited to university
students using Generative Al to help them in their studies.

The relevance of examining the impact of student use of
Generative AI on their reported self-efficacy has an intuitive
relevance—here is a multifaceted resource that students can
delegate entire assessments to on the one hand or check their
understanding, practice their skills, and receive valuable feedback
from on the other. Badger’s (2026) systematic review of seven
studies that address self-efficacy notes that, while all of the studies
indicated a positive impact of Generative Al on self-efficacy, there
was another element to be considered. Badger (2026) reports that
the largest of these studies along with demonstrating the potential
of Generative Al to enhance self-efficacy notes that there is also
the risk of damaging it through students “outsourcing” their work
to Generative Al

Literature that has investigated the impact of Generative Al
usage on students’ reported self-efficacy has produced insightful
but conflicting results. Ren, Stephens, and Lee’s (2026) meta-
analysis of 23 empirical studies identified that usage of
Generative Al had a significant positive impact on self-efficacy
in learning contexts - the effect size for university students
being 0.813, p< 0.05 - with Q-stat of 213.1 (p< 0.05) and 12
of 89.7 indicating substantial heterogeneity. Ren, Stephens,
and Lee (2026) note that the positive effect was present for all
disciplines but was greater for students of natural science and
medical disciplines as compared with humanities students.
Ren, Stephens & Lee further report that the positive effect of
Generative Al usage on self-efficacy was significantly greater
when the specific Al used was an intelligent, learning-relevant
tool that enabled students to “personalise their learning” (2026,
p. 11) to their study requirements. By contrast, studies where the
role of Generative AI was “multi-purpose and used as a mixed
tool” (2026, p. 10) were found to have significantly lower effect
sizes.

In contrast to Ren, Stephens and Lee’s findings, Deng et al.
(2025) found that whilst Generative AI has a positive impact on
improvement in student users’
motivational states, and higher-order thinking propensities”
there was “no significant effect on self-efficacy” (2024, p. 1). Deng

academic performance, affective-

et al’s (2025) systematic review and meta-analysis drew on 69
experimental studies and focused specifically on the impact of
students’ usage of Chat GPT on their self-efficacy.

These contrasting analyses suggest that the impact on student
self-efficacy of using multi-purpose Generative AI platforms
(including Chat GPT) may differ from that of using more
specifically, focused Generative Al, and that the intersection of
the Generative Al tool and the discipline being studied is relevant.
However, above all they indicate that further research is needed to
better understand what factors help to determine if students’ use
of Generative Al is likely to enhance or diminish their reported
self-efficacy.

The review question is: What are the factors that help to
determine whether university students’ use of Generative Al is
likely to enhance their reported self-efficacy?

© 2026 The Author(s)
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Method

A systematically informed conceptual review was conducted, the
process of which is recorded in the PRISMA 2020 flow diagram
(Figure 1).

Search and reduplication

Web of Science was selected as the database for this systematically
informed review and the following Boolean search term was used
(“generative AI” OR “generative artificial intelligence” OR “large
language model*” OR “foundation model*” OR “foundation
models” OR “LLM*” OR “Al model*”) AND (university OR
college OR higher OR undergraduate OR postgraduate) AND
(Students OR Students) AND (Agency OR efficacy OR “self-
efficacy”).

This search term was developed to capture the potential impact
of university students’ Generative AI usage on their reported
self-efficacy or agency. The date range was restricted to 2025 and
2026 for two reasons: first, it provided a more manageable data
set to work with; second, (and most importantly), the rate of
change in Generative Al provision and capabilities indicated that
a contemporary focus would ensure that the findings had more
relevance.

Web of Science deduplicated the records it returned for the
search. The 148 retrieved records were imported into Zotero
and checked using automatic duplicate detection and manual
inspection. This process resulted in no additional duplicates being
detected.

Screening and exclusion

The specific date (2025-2026) and topic (Generative Al impact on
agency or self-efficacy) criteria were used to screen the 148 records
identified by Web of Science. At this stage, records were excluded
because the studies did not address the impact of Generative
AI on the self-efficacy of university students (n = 108). Further
analysis of the reports led to 11 papers being excluded as they did
not address the impact of Generative Al on university students
and an additional paper being excluded because it had a mental
health focus that differed from the other included papers, leaving
28 papers in the review.

As the aim of this review was conceptual rather than a
quantitative synthesis, the author we undertook a purposive
selection of 16 studies that provided the richest conceptualization
of mechanisms linking Generative Al use to university students’
selfefficacy. These 16 papers formed the analytic basis of the
review. An additional three papers from the pool of 28 informed
wider contextual statements regarding the focus of the review.

It is important to note that in the original 148 records identified,
self-efficacy was often addressed as a mediating and sometimes
moderating factor in papers focused on how self-efficacy and
agency influenced other variables of interest, such as motivation
to engage with Generative Al In this review, however, the interest
was on what impact, if any, Generative AI usage was found to have
on students’ reported self-efficacy, and thus papers that did not
focus on self-efficacy as a key “outcome” (influenced by rather
than influencing of) were excluded.
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Records removed before
screening:
Records identified from: I(:r)1u£h(;;)ate records removed
Databases (Web of Science) | 4 *Records marked as
(n =.148) _ ineligible by automation tools
Registers (n = 0) (n=0)
*Records removed for other
reasons (n = 0)
v
Records screened (n = 148). Records excluded (n=108)
Titles and abstracts screened —»| *Not focused on generative Al
against date and topic criteria. impact on university students’
agency or self-efficacy (n= 108).
v
Reports sought for retrieval
(n 540) g —»| Reports not retrieved (n = 0).
Reports excluded (n = 12):
Reports assessed for eligibility P xeu ( )
(n=40) *Not focused on generative Al
impact on self-efficacy of
university students (n= 11).
*Focus on mental health context
inconsistent with other studies
(n=1)

Studies included in review

(n=28)
Reports of included studies
(n = 28).

Twenty eight studies were
included in a systematically
informed conceptual review of
the impact of generative Al on
university students’ self-efficacy
and agency.

Figure 1: PRISMA 2020 flow diagram.

Results

This systematically informed conceptual review aimed to address
the question: What are the factors that help to determine whether
university students’ use of Generative Al is likely to enhance their
reported self-efficacy?

The analytic focus of this review is targeted on the 16 most
relevant of the 28 relevant papers that were identified in the
systematic review process. The analysis identifies the core factors
of pedagogic support, usefulness for task and unique affordances
- these are present below:

© 2026 The Author(s)

1. Pedagogic support

The papers in this review identified that the support that was
offered concerning the specific Generative Al platform being
used was very important in helping to ensure that it had a
positive impact on students’ self-efficacy. Particular emphasis
was placed on the importance of pedagogic support in which
the university provided information about the Generative Al
platforms that they would use and facilitated students in using it.
This was found to be important across both disciplines and types
of Generative Al
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Li, Liu, and Dong (2025) note the distinct benefits of Generative
Al in programming contexts for enhancing learners’ self-efficacy
but argue that the role of instructors is critical as they can provide
a crucial integration of Generative Al tools such as Chat GPT
into self-learning activities. Yu, Fu, and Zhong (2026) note that
there were “more pronounced improvements in self-efficacy
under favourable support conditions” (2026, p. 1). Their research
identifies the particular role that enrichment sessions can play,
enabling students to learn more about Generative Al

Zhuang and Li (2026) report on a study in which a preparation
phase was used to ensure that students were made familiar with
with the very carefully embedded Generative AI resources used
to support their learning. The result was that the experimental
group as compared to the control group reported very significantly
higher self-efficacy p < 0.001. Wan, Woo, and Ho (2025) argue
that in addition to specific Generative Al tool support, the wider
scaffolding provided by ethical and reflective pedagogies enhances
the positive impact that usage can have on self-efficacy.

2. Usefulness for task

Usefulness can be thought of as comprising both the quality and
relevance of the output that the Generative Al platforms offer for
the specific task at hand. Where Generative Al platforms produce
high-quality text, sound, and images, students experience greater
self-efficacy. Bai and Wang (2025) found that the reported quality
of the interaction between student user and Generative Al was
positively associated with creative self-efficacy. Similarly, Kittredge
et al. (2025) found that users of a language acquisition app
reported increased self-efficacy in that language having benefited
particularly from the multi-modal and interactive properties of the
app.

Lee et al. (2025) identified that receiving personalized,
targeted, and actionable feedback reports from a generative AI
tool significantly enhanced self-efficacy in students’ developing
skills in Logical Thinking, Algorithms, and Debugging. Likewise,
Li et al. (2025) found that the programming students supported
by Generative Al significantly outperformed the control group in
self-efficacy.

3. Unique affordances

Liu et al’s (2026) systematic review identified that “LLM
chatbots” can, through their “immediate personalized feedback,
information retrieval and interactive question and answer’ have a
positive impact on student self-efficacy and agency.” Diaz (2026)
notes the particular relevance of these unique affordances for
training students in diagnosis, arguing that combining diagnosis
training with Generative AI enables students to benefit from with
an interactive experience that simulates real-life scenarios. Chen,
et al. (2025) likewise found that a specific Generative Al resource,
Role Playing Gen Al, overcame the potential limits in relying on
finding others with whom to undertake role play activities.

Chen, Mokmin, and Su (2025) found that a ChatGPT system
that provided immediate, person-specific feedback significantly
enhanced student reported self-efficacy (Zhang, Zhang & Wu
2026). The qualitative findings indicated that students boosted

© 2026 The Author(s)
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learning confidence through engaging with GenAI-IDLE speaking
practice. Finally, this study enriches the current explorations about
IDLE activities by unveiling the potential of AI-powered chatbots
in facilitating intrinsic motivation and speaking self-efficacy.

4. Combinations of the core factors

Li, Liu, and Dong (2025) point out that the supportive environment
for students introduced to using Generative AI in their
programming course was crucial to the students experiencing
enhanced self-efficacy. Similarly, Shi et al (2025), in the context of
nursing training thatincluded a substantial focus on Generative Al,
found that training alongside the introduction of the Generative
Al to be used helped the self-efficacy of trainees to significantly
increase. Chen et al. (2025) likewise found that integrating the
Generative AI as an embedded part of the students’ training was
a key factor in ensuring that it had a positive impact on students’
reported self-efficacy.

The importance of combining training and the unique
affordances of Generative Al was found in the work of Pellas (2026)
who conducted training in which students in the experimental
group were introduced to a different way of using Generative Al
platforms. Participants in Pellas’s experimental group were trained
to use Generative Al not as information sources but as Socratic
partners, similar to the concept discussed in Dickerson (2024).
This enabled the Generative Al to be used for a range of interactive
learning tasks such as conceptual clarification and brainstorming.
This training alongside the use of Generative AI was associated
with greater self-efficacy among the student participants in the
experimental group.

Nakajima et al. (2026), who ran a dedicated workshop on
creating music using Al, demonstrated evidence that self efficacy
improvements can be found even 6 months later in research that
combined training with a focus on the unique creative affordances
of Generative AL Nakajima et al. (2026) note that “In particular,
the ‘creating’ experience through generative Al and music appears
to have enhanced students” creative self-efficacy, that is, their
belief that they are capable of producing creative ideas (2026,
p. 94).

Concluding Thoughts

This systematically informed conceptual review has identified a
framework of three core principles that help to determine whether
Generative Al usage by students will enhance their self-esteem.
these are: Pedagogic Support, Usefulness for Task and Unique
Affordances. Each of these three can be understood as crucially
intertwined with self-efficacy.

First, they each facilitate experiences of mastery — pedagogic
support enables students to be familiar with the specific Al tool
and how it can be successfully used, experiencing the tool as useful
for the task and being aware of its unique affordances further
clinches the identification of the Generative Al with experiences
of mastery.

Second, each of the three core principles provides a sense of
boundary - of separation between the role of Generative AI in
this task and that of the student. Pedagogic support explicitly
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addresses this very issue, delineating what the Generative Al can
contribute and what is down to the student. Likewise, the more
that the Generative Al is seen as fitted to a particular task which it
is uniquely suited to the more cleanly the student can understand
their crucial role in the task at hand.

Third, the three core principles of pedagogic support, usefulness
for task and unique affordances each affirm the student in the
process. Of the three, pedagogic support is particularly important
here. Strong pedagogic support identifies the limitations of what
the Generative Al tool can offer, pointing out the potential biases
and errors of the Generative AI tool. Furthermore, it explicitly
affirms the student’s crucial contribution to the process.

Implications

Far from Generative Al usage inevitably resulting in either a loss
or increase of self-efficacy this review has argued that its impact
is at least partly in the hands of governments, industry, and
educators:

*  Governments should build self-efficacy into its Generative
Al and education policy.

* Industry should develop Generative Al resources that can
enhance users’ self-efficacy.

*  Educators should deploy Generative Al that is well
fitted to the tasks that students are addressing and do
so in a supportive, awareness-raising, and empowering
environment.

Approached in this way, Generative AI can support the
inclusive and equitable quality of learning for all that is central
to Sustainable Development Goal 4 (SDG 4). Generative Al can
potentially offer all student users the experience of empowerment
that is associated with enhanced self-efficacy, but whether it does
so or not depends crucially on the extent to which the triple Helix
of government, industry, and educators embraces the challenge
and thereby facilitates this valuable potential.

References

Badger, M., Lopez, N., & Nissen, C. F. R. (2026). The impact
of GenAI chatbots on student learning in higher
education: A literature review. International Journal of
Technology in Education, 9(1), 43-69. https://doi.org/10.46
328/ijte.5111

Bai, Y., & Wang, S. (2025). Impact of generative Al interaction
and output quality on university students’ learning
outcomes: A technology-mediated and motivation-driven
approach. Scientific Reports, 15(1), 24054. https://doi.
0rg/10.1038/s41598-025-08697-6

Bandura, A. (1997). Self-efficacy: The exercise of control. W. H.
Freeman.

Chegg, Inc. (2025, January 28). Chegg Global Student Survey
2025: 80% of undergraduates worldwide have used GenAlI
to support their studies - but accuracy a top concern. https://
www.nasdaqg.com/press-release/chegg-global-student-survey-
2025-80-undergraduates-worldwide-have-used-genai-support

© 2026 The Author(s)

A Systematically Informed Conceptual Review of the Effect That Generative Al Has on University Students’ Reported Self-Efficacy

Chen, A., Jia, J., Li, Y., & Fu, L. (2025). Investigating the
effect of role-play activity with GenAI agent on EFL
students’ speaking performance. Journal of Educational
Computing Research, 63(1), 99-125. https://doi.
0rg/10.1177/07356331241299058

Chen, J., Mokmin, N. A. M., & Su, H. (2025). Integrating
generative artificial intelligence into design and art course:
Effects on student achievement, motivation, and self-efficacy.
Innovations in Education and Teaching International, 62(5),
1431-1446. https://doi.org/10.1080/14703297.2025.2503857

Copyleaks. (2025). 2025 Al in Education Trends Report Al in
Action Students Have Fully Normalized Al in the Classroom.
https://copyleaks.com/wp-content/uploads/2025/09/2025-
Al-in-Education-Trends-Report_1.pdf

Copyleaks. (2026). What Educators Should Know About
Al Detection in 2026. https://copyleaks.com/blog/
what-educators-should-know-about-ai-detection-in-
2026#:~:text=In%20This%20Blog,academic%20integrity%20
throughout%20the%20year

Deng, R., Jiang, M., Yu, X., Lu, Y., & Liu, S. (2025). Does ChatGPT
enhance student learning? A systematic review and meta-
analysis of experimental studies. Computers & Education,
227,105224. https://doi.org/10.1016/j.compedu.2024.105224

Diaz, M. I. F. (2026). Generative AI adaptive narratives to
enhance nursing diagnostic reasoning: A classroom
innovation. BMC Nursing, 25(1), 182. https://doi.
0rg/10.1186/s12912-026-04359-8

Dickerson, P. (2024). Learning with socrates. In H. Crompton
& D. Burke (Eds.), Artificial intelligence applications in
higher education (pp 90-105). Routledge. https://doi.
0rg/10.4324/9781003440178-6

Digital Education Council. (2026a). Al in Higher Education
LATAM Survey 2026 (EN | ES). https://www.
digitaleducationcouncil.com/post/ai-in-higher-education-
latam-survey-2026

Digital Education Council. (2026b). AI Adoption Is Nearly
Universal Among Students, But Confidence Is Not.
https://www.digitaleducationcouncil.com/post/
ai-adoption-is-nearly-universal-among-students-but-
confidence-is-not

HEPI. (2025). Student Generative AI Survey 2025 - HEPL.
https://www.hepi.ac.uk/reports/student-generative-ai-
survey-2025/

HEPI. (2026). Student Generative Artificial Intelligence Survey
2026 — HEPL. https://www.hepi.ac.uk/reports/student-
generative-ai-survey-2026/

Kittredge, A. K., Hopman, E. W. M., Reuveni, B., Dionne, D.,
Freeman, C., & Jiang, X. (2025). Mobile language app
learners’ self-efficacy increases after using generative Al.
Frontiers in Education, 10, 1499497. https://doi.org/10.3389/
feduc.2025.1499497

Lan, M., & Zhou, X. (2025). A qualitative systematic review on Al
empowered self-regulated learning in higher education. npj
Science of Learning, 10, 21. https://doi.org/10.1038/s41539-
025-00319-0

CC-BY-ND 4.0


https://doi.org/10.46328/ijte.5111
https://doi.org/10.46328/ijte.5111
https://doi.org/10.1038/s41598-025-08697-6
https://doi.org/10.1038/s41598-025-08697-6
https://www.nasdaq.com/press-release/chegg-global-student-survey-2025-80-undergraduates-worldwide-have-used-genai-support
https://www.nasdaq.com/press-release/chegg-global-student-survey-2025-80-undergraduates-worldwide-have-used-genai-support
https://www.nasdaq.com/press-release/chegg-global-student-survey-2025-80-undergraduates-worldwide-have-used-genai-support
https://doi.org/10.1177/07356331241299058
https://doi.org/10.1177/07356331241299058
https://doi.org/10.1080/14703297.2025.2503857
https://copyleaks.com/wp-content/uploads/2025/09/2025-AI-in-Education-Trends-Report_1.pdf
https://copyleaks.com/wp-content/uploads/2025/09/2025-AI-in-Education-Trends-Report_1.pdf
https://copyleaks.com/blog/what-educators-should-know-about-ai-detection-in-2026#:~:text=In%20This%20Blog,academic%20integrity%20throughout%20the%20year
https://copyleaks.com/blog/what-educators-should-know-about-ai-detection-in-2026#:~:text=In%20This%20Blog,academic%20integrity%20throughout%20the%20year
https://copyleaks.com/blog/what-educators-should-know-about-ai-detection-in-2026#:~:text=In%20This%20Blog,academic%20integrity%20throughout%20the%20year
https://copyleaks.com/blog/what-educators-should-know-about-ai-detection-in-2026#:~:text=In%20This%20Blog,academic%20integrity%20throughout%20the%20year

A Systematically Informed Conceptual Review of the Effect That Generative Al Has on University Students’ Reported Self-Efficacy

Lee, H.-Y., Chen, P.-H., Lin, C.-J., Huang, Y.-M., & Wu,
T.-T. (2025). Leveraging ChatGPT for personalized
reflective learning in programming education: Effects
on self-efficacy, higher-order thinking, and project
implementation skills. Education and Information
Technologies, 30(17), 24815-24854. https://doi.org/10.1007/
$10639-025-13733-z

Li, H.-J., Huang, Q.-R., Wen, L.-P., Chen, W., & Xu, Z.-Z. (2025).
Generative artificial intelligence supported programming
learning: Learning effectiveness and core competence.
SAGE Open, 15(3), 21582440251377986. https://doi.
0rg/10.1177/21582440251377986

Li, S., Liu, J., & Dong, Q. (2025). Generative artificial intelligence-
supported programming education: Effects on learning
performance, self-efficacy and processes. Australasian
Journal of Educational Technology, 41(3), 1-25. https://doi.
org/10.14742/ajet.9932

Liu, H., Fang, X., Cui, Q., & Chiu, T. K. F. (2026). A systematic
mapping review on how generative artificial intelligence
impacts social and emotional learning: A case of large
language model chatbots. Review of Education, 14(1), €70141.
https://doi.org/10.1002/rev3.70141

Nakajima, S., Suzuka, T., Moroi, K., Doi, T., Higashida, S., &
Editorial Office. (2026). Enhancing STEAM education
through a “know-and-create” learning loop: A case study
of a generative AI workshop on art at Osaka Metropolitan
University College of Technology. Journal of Robotics and
Mechatronics, 38(1), 88-102. https://doi.org/10.20965/
jrm.2026.p0088

Oubibi, M., Hryshayeva, K., & Huang, R. (2025). Enhancing
postgraduate digital academic writing proficiency: The
interplay of artificial intelligence tools and ChatGPT.
Interactive Learning Environments, 33(6), 3940-3958.
https://doi.org/10.1080/10494820.2025.2454445

Pellas, N. (2026). Effects of generative Al feedback and interactive
video assessment on student learning achievement

To cite this article:

Vol. 1, No. 2, 2026

in philological content creation courses. Journal of
Educational Computing Research, 64(1), 16-58. https://doi.
org/10.1177/07356331251372800

Ren, L., Stephens, J. M., & Lee, K. (2026). The impact of AI on
learners’ self-efficacy: A meta-analysis. Behavioral Sciences,
16(1), 158. https://doi.org/10.3390/bs16010158

Shi, J., Li, X., Ning, Y., Kong, W., Guo, W., Ma, T., Yang, N., Lu, J.,
Guo, Y., Liu, L., & Yang, C. (2025). Application of generative
artificial intelligence chatbots + project task driven teaching
in undergraduate nursing students: A quasi-experimental
study. BMC Medical Education, 25(1), 1754. https://doi.
0rg/10.1186/512909-025-08324-y

Wan, K., Woo, Y. Y., & Ho, G. T. S. (2025). Enhancing service-
learning through Generative AI: A mixed-methods study
on educational Game design in a finance course. Cogent
Education, 12(1), 2592370. https://doi.org/10.1080/233118
6X.2025.2592370

Xia, L., Shen, K., Sun, H., An, X., & Dong, Y. (2025). Developing
and validating the student learning agency scale in
generative artificial intelligence (AI)-supported contexts.
Education and Information Technologies, 30(10), 13999-
14021. https://doi.org/10.1007/s10639-024-13137-5

Yu, H,, Fu, Y., & Zhong, S. (2026). Bridging individual and
contextual influences: Exploring the multilevel pathways
of generative Al in shaping academic self-efficacy. Current
Psychology, 45(4), 411. https://doi.org/10.1007/s12144-025-
08937-y

Zhang, J., Zhang, H., & Wu, X. (2026). How does generative
Al-mediated informal digital learning of English speaking
practice influence intrinsic motivation, self-efficacy and
performance of vocational college students? System, 138,
103979. https://doi.org/10.1016/j.system.2026.103979

Zhuang, Z., & Li, X. (2026). The influence of collaborative music
creation supported by generative artificial intelligence on
students’ creativity. Frontiers in Psychology, 16, 1709513.
https://doi.org/10.3389/fpsyg.2025.1709513

Dickerson, P. (2026). A Systematically Informed Conceptual Review of the Effect That Generative AI Has on University Students’ Reported
Self-Efficacy. Artificial Intelligence Advances in Education, 1(2), 18-23. https://doi.org/10.66818/aiaie.v1i2.912

Submitted: 13 January 2026 Accepted: 24 January 2026

Copyright:

Published: 01 June 2026

© 2026 The Author(s). This is an open-access article distributed under the terms of the Creative Commons Attribution-NoDerivatives 4.0
International License (CC BY-ND 4.0), which permits to copy and distribute the material in any medium or format only in an unadapted form, as
long as the author is named. The license allows commercial use. See https://creativecommons.org/licenses/by-nd/4.0/.

Artificial Intelligence Advances in Education is a peer-reviewed open access journal published by SCS Journals.

.

SCS Journals

3



https://doi.org/10.66818/aiaie.v1i2.912
https://creativecommons.org/licenses/by-nd/4.0/

